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Executive Summary 
 
This note uses job application data on LinkedIn to measure labor market tightness for a broad set of 
countries, industries, and local labor markets at a monthly frequency since July 2019. LinkedIn data 
are timely, allowing us to produce our measure at a shorter lag than comparable measures based 
on official statistics. 
 
Our baseline measure is the number of jobs that LinkedIn members apply to divided by the number 
of applicants within the relevant labor market. This definition implicitly accounts for both recruiting 
intensity by firms and job search effort by job seekers. We show how to formalize this definition 
within a generalized labor market tightness framework from the academic literature. 
 
Key findings: 

• Our measure of labor market tightness captures salient features of the global business cycle 
around the world in recent years: weakening at the onset of the pandemic, rising to peak 
tightness in 2022, and moderating in recent years. 

• In the United States, this notion of labor market tightness correlates strongly with external 
measures of labor market conditions based on data published by the Bureau of Labor 
Statistics. 

• In many countries around the world, labor market tightness had returned to pre-pandemic 
levels by early 2025. 

• A variant that accounts for job search intensity by job seekers points to greater weakening of 
labor market tightness in recent years than implied by our baseline measure. 
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1. Introduction 
 
Building on prior work, this note formalizes a novel measure of labor market tightness based on job 
applications submitted by members on LinkedIn to jobs listed on platform.1 This measure of labor 
market tightness is available for a broad set of countries, industries, and local area labor markets at 
a monthly frequency, providing a real-time assessment of labor market conditions around the world 
as seen through LinkedIn data. 
 
The central insight of our approach is to restrict attention to job listings that actively attract applicants. 
For our monthly measure of labor market tightness, a job listing is included if it was active within the 
month and received an application from an interested job seeker. In subsequent months, if the job is 
open but receives no new applications it is excluded.  
 
We measure labor market tightness as the ratio of active job listings (i.e. open listings) that attract 
applicants (i.e. has at least one application) to the number of job seekers who applied to such listings. 
This builds on our previous approach to measuring labor market tightness with LinkedIn data 
(Ghayad, Shan and Huang 2022), which included job listings regardless of whether they received 
any applications.2 We defer detailed discussion of its construction to the next section to provide 
motivation and a preview of the results. 
 
Not every active job listing contributes equally to overall hiring trends in the labor market. And not 
every job opening is filled at the same rate. Firms that exert greater effort to recruit talent—reflected 
in faster headcount growth—have higher vacancy filling rates (Davis, Faberman, Haltiwanger 2013; 
Mongey and Violante forthcoming). 
 
A pre-condition of filling a vacancy is attracting interested job seekers. How many applicants a 
vacancy receives over time is partly shaped by the information that firms include in the job listing. For 
example, offering higher wages yields more applicants and lower vacancy durations (see, e.g., Banfi 
and Villena-Roldán 2019; Bassier, Manning, and Petrolongo forthcoming). 
 
In other words, by restricting attention to job listings that receive applications we implicitly focus on 
firms that more aggressively recruit talent and thus contribute to ongoing labor market demand. 
 
This approach to measuring labor market tightness can be articulated within the generalized labor 
market tightness framework introduced by Abraham, Haltiwanger, and Rendell (2020). While the 
traditional measure of labor market tightness focuses on the ratio of vacancies to unemployed 
workers, this framework emphasizes the importance of measuring active job seekers whether they 
are unemployed, out of the labor force, or currently employed. 

 
1 Throughout this note, job applications refer to either a completed application on-site or a LinkedIn member clicking on 
a link to apply to the role offsite. While we are unable to track offsite application completion, these are high-intent 
actions that indicate that the job is desirable among LinkedIn members during an active job search. 
2 Ghayad, Shan, and Huang (2022) measure “active job openings as the stock of open job positions on the last business 
day of the month multiplied by an index of recruiting intensity.” Our definition includes any job listing that was open 
within the month and we do not multiply by an index of recruiting intensity, as this recruitment intensity margin is already 
built into our definition of active and attractive job listings. 
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Accounting for such on-the-job search is of practical importance as it shapes hiring behavior and 
wage inflation over the business cycle (see, for example, Bloesch, Lee, Weber 2025; de la Barrera 
2024; Moscarini and Postel-Vinay 2016; Moscarini and Postel-Vinay 2023). 
 
By construction, our measure of labor market tightness includes all job seekers on LinkedIn, regardless 
of their labor force status. Of course, a fundamental limitation with our data is that not all job seekers 
have LinkedIn profiles, much less rely on the jobs marketplace on LinkedIn to search for new 
opportunities. Nevertheless, we document that in the United States our measure of labor market 
tightness tracks well with the external measures of labor market tightness based on official statistics.3 
 
Our baseline notion of labor market tightness is the ratio of active and attractive job listings on 
LinkedIn to the number of active job seekers. This represents an extensive margin measure of labor 
market tightness but fails to account for the intensive margin: how aggressively job seekers are 
looking for new roles. Variation in this intensive margin itself can alter job finding rates for job seekers 
holding fixed the number of available vacancies (see for example Hall and Schulhofer-Wohl 2018; 
Hornstein and Kudlyak 2016). 
 
To account for the intensive margin of job search, we also construct a notion of labor market tightness 
where the number of active and attractive job listings is instead scaled by the number of applications 
submitted by job seekers. In recent years, this intensive-margin notion of labor market tightness has 
weakened by more than our baseline measure in many countries around the world. This implies that 
not only has the number of job seekers increased relative to demand but also that job seekers are 
searching more intensely, at least as compared to late 2019. 
 
Both measures of labor market tightness capture the broad contours of the pandemic-induced 
downturn and subsequent recovery around the world. As compared to pre-pandemic levels, labor 
market tightness fell modestly at the onset of the pandemic in spring 2020, as the globally economy 
entered into recession. Over the following two years, labor markets became considerably tighter, 
reaching a peak in mid-2022 in many countries. 
 
To varying degrees across countries, such tightness has eased in the past three years alongside 
broader normalization of the global economy. For example, the United States has since late 2023 
been at pre-pandemic levels of tightness according to our baseline measure whereas in Brazil the 
labor market is considerably tighter than it was in late 2019.4 
 
2. Methodology 
 
In this section we describe our new construction of labor market tightness based on job application 
data on LinkedIn. Our description borrows from McCrory (2025), which introduced this measure of 

 
3 A comprehensive assessment of the external validity of our measure of labor market tightness—across countries, 
industries, and over time—is beyond the scope of this note. We leave this line of investigation for future research. 
4 As a point of comparison—and consistent with our measure of labor market tightness for Brazil—the unemployment 
rate in Brazil was above 11% in 2019 and has been below 7% since June 2024. 
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labor market tightness in the context of studying the availability of remote flexibility over the 
pandemic downturn and recovery. 
 
We begin with the generalized labor market tightness framework from Abraham, Haltiwanger, and 
Rendell (2020; AHR) that relates the number of hires (𝐻!) in the labor market to weighted sums of 
vacancies and job seekers: 
 

𝐻! = ℳ$ ∑𝜌",$!𝑉$!()*)+
%&&'(!)"'	+,(,-()'.

, ∑𝜌.,)!𝑆)!()*)+
%&&'(!)"'	/01	2''3'4.

. = 𝜇!𝑉0!567𝑆1!7  

 
𝜌",$!  represents the recruiting intensity of associated with a vacancy 𝑉$!  and 𝜌.,)!  is the job search 
intensity of seeker 𝑆)! , with 𝑉0!  defined as the weighted sum over vacancies with weights given by 
recruiting intensities and 𝑆1!  defined similarly. ℳ(⋅) is the matching function, which is taken to be 
Cobb-Douglas with respect to effective vacancies and job seekers. 
 
As defined in AHR, labor market tightness is given by the ratio of effective vacancies to effective job 
seekers: 
 

𝐿𝑎𝑏𝑜𝑟	𝑀𝑎𝑟𝑘𝑒𝑡	𝑇𝑖𝑔ℎ𝑡𝑛𝑒𝑠𝑠:	𝜃0! =
𝑉0!
𝑆1!
G  

 
To move from this conceptual framework to practical measurement with LinkedIn data, we simply 
need to specify how we measure vacancies (𝑉$!), job seekers (𝑆)!), and the associated recruiting / 
job search intensities (𝜌",$!  and 𝜌.,)!). 
 
To measure effective vacancies on LinkedIn, we introduce the notion of active and attractive job 
listings. These are job listings on LinkedIn that satisfy two conditions: 

i. Job posters either paid to promote the role or manually listed the position on LinkedIn 
(and thus paid the opportunity cost of their time). This filter determines collection of H𝑉$!I. 

ii. Within a period of time 𝑡, the job listing received an application from a member in the 
labor market in which the job is located5, where an application is either an on-site 
application or a member clicked to apply to the role off of LinkedIn. This restriction sets 
𝜌",$!  equal to one for those job listings that receive applications.  

 
The set of job seekers is implicitly all members on LinkedIn. To measure effective job seekers, we 
consider two approaches for specifying the weights 𝜌.,)!: 

 
5 For country-level measures of labor market tightness, this means that the job listing received an application from a 
member from the same country. For more disaggregated notions of labor market tightness (e.g., by industry or metro 
area), we occasionally allow for between-labor-market applications. For example, measuring labor market tightness for 
NYC as the number of job listings in NYC that receive applicants from anywhere in the US divided by the number of 
applicants who applied to such job listings. A within-labor-market notion would instead require both job listings and 
applicants to be within NYC. 
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i. Our baseline is an extensive-margin notion where we only count job seekers who applied 
to an active job listing within the relevant labor market. In this case we set 𝜌.,)!  equal to 
one. 

ii. Alternatively, we consider an intensive-margin notion of job search in which we set 𝜌.,)!  
equal to the number of distinct applications submitted by a member to an active and 
attractive job listing within the relevant labor market during the month. 

 
Our measures of country-level labor market tightness rely only on within-country job application data. 
For example, active and attractive job listings are those that receive applications from members 
based in the same country; active job seekers are those who apply to a job listing in the same country 
as well. 
 
When constructing disaggregated measures of labor market tightness—either by industry or by local 
labor market—we calculate both a within and a between labor market measure: 

• Between Labor Market Tightness: Active and attractive job listings in a given disaggregated 
labor market that receive applicants from within the same country divided by all such 
applicants. For example, all Retail job listings in the United States that receive applicants from 
any member in the US divided by the number of job seekers applying to such listings. 

• Within Labor Market Tightness:   Active and attractive job listings in a given disaggregated 
labor market that receive applicants from within the same disaggregated labor market 
divided by all such applicants. For example, all job listings in the DC area that receive 
applicants from members also located in the DC area divided by the number of DC-based 
job seekers who applied to such listings. 

 
Which of these two notions of labor market tightness is more useful as a measure of broader labor 
market conditions will depend on the research question at hand. To the extent that there is greater 
cross-sector labor mobility than there is interregional mobility, it may make sense to focus on 
between-industry versus within-region measures of labor market tightness. 
 
We report labor market tightness for the following countries: Australia, Brazil, Canada, France, 
Germany, India, Indonesia, Ireland, Italy, Mexico, Netherlands, Singapore, United Arab Emirates, 
United Kingdom, and the United States. 
 
As a final note on methodology, we focus on labor market tightness indexed to pre-pandemic levels. 
To do so, we calculate the average ratio of active and attractive job listings to active job seekers in 
the last six months of 2019. We then divide each month’s value by this average value in 2019H2. In 
the figures below, we also multiply by 100 so that 2019H2 takes on an average value of 100. We do 
this to focus on within-entity comparisons over time as level differences in our measure of labor 
market tightness may reflect differences in labor market institutions, industry composition, and 
LinkedIn penetration across countries and labor markets. 
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3. Labor Market Tightness Around the World 
 
This section presents our new measure of labor market tightness for select countries around the world 
from July 2019 to March 2025, as presented in Figure 1.  
 
Figure 1: Labor Market Tightness by Country, July 2019 to March 2025 

 
 
Note: The figures above present two notions of labor market tightness, dividing the number of Active & Attractive Job 
Listings by either (a) the number of Active Job Seekers or (b) the number of distinct Applications observed within the 
month for each country. A general pattern in recent years is that the per application notion of labor market tightness has 
declined by more than the per job seeker measure. This signals that job seekers are searching more intensely for roles as 
compared to pre-pandemic norms. 
 
As discussed in the previous section, labor market tightness in most countries in our sample declined, 
to varying degrees, at the onset of the pandemic in spring 2020. By early 2021, labor markets around 
the world were already exceeding pre-pandemic levels of tightness. For most countries, the relative 
balance of labor demand as compared to labor supply reached its pinnacle in mid-2022 before 
subsiding in recent years. By early 2025, most labor markets had returned to pre-pandemic levels of 
tightness.  
 
Compared to the increase in tightness that followed and the severity of the global economic 
contraction, the relatively small increase in labor market slack in early 2020 might appear puzzling. 
But it is important to remember that labor market tightness is jointly determined by supply and 
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demand, both of which declined at the onset of the pandemic as workers, firms, and policymakers 
took proactive steps to mitigate exposure to the virus. All else equal, a decline in the number of job 
seekers will tend to increase our measure of labor market tightness. 
 
There are notable exceptions to the pattern of normalization of labor market conditions described 
above. For example, in Brazil the number of active and attractive job listings per active job seeker on 
LinkedIn is presently more than twice as high as it was in the latter half of 2019 even after some 
moderation since peaking in 2022. Broadly, this aligns with official statistics for the country which 
indicate that the unemployment rate in Brazil was more than 11% in 2019 but has been below 7% 
since June 2024.6 
 
Figure 2: Overall LinkedIn Labor Market Tightness Index based on select countries, July 2019 to March 
2025 

 
Note: The figure constructs an overall measure of labor market tightness on LinkedIn based on the following countries: 
Australia, Brazil, Canada, France, Germany, India, Indonesia, Ireland, Italy, Mexico, Netherlands, Singapore, United Arab 
Emirates, United Kingdom, and the United States. It the ratio of the cross-country sum of active and attractive job listings 
within each country divided by the cross-country sum of active job seekers. As described in text, this implicitly is a job-
seeker weighted average of labor market tightness across all countries in our sample. 
 
To produce a summary measure of labor market conditions on LinkedIn over the past six years, we 
calculate an overall measure for the sample of countries listed above. We do so by taking the ratio 

 
6 Unemployment rates for Brazil downloaded from https://www.ibge.gov.br//en/statistics/social/labor/16833-monthly-
dissemination-pnadc1.html?=&t=series-historicas, accessed on May 13, 2025. 

https://www.ibge.gov.br//en/statistics/social/labor/16833-monthly-dissemination-pnadc1.html?=&t=series-historicas
https://www.ibge.gov.br//en/statistics/social/labor/16833-monthly-dissemination-pnadc1.html?=&t=series-historicas
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of active and attractive job listings across all countries divided by the number of job seekers applying 
to such listings (from within the same country): 
 

𝑂𝑣𝑒𝑟𝑎𝑙𝑙	𝐿𝑎𝑏𝑜𝑟	𝑀𝑎𝑟𝑘𝑒𝑡	𝑇𝑖𝑔ℎ𝑡𝑛𝑒𝑠𝑠! =
∑ 𝑉0(,!(

∑ 𝑆1(,!(
=M𝜔(,! × 𝐿𝑀𝑇(,!

(

	, 

where, by construction, 𝜔(,! ≡ 𝑆1(,!/∑𝑆1(,!	is the share of active job seekers across all countries 
located in country 𝑐. These weights sum to 1.  
 
The final equality reveals that this overall labor market tightness is implicitly a weighted average of 
labor market tightness in each country, with weights given by the share of job seekers from each 
country.7 Figure 2 reports overall labor market tightness on LinkedIn, again indexed to be equal to 
100 in the latter half of 2019. 
 
According to this summary measure, labor market tightness on LinkedIn returned to pre-pandemic 
levels in late 2024 and has, so far this year, fallen modestly below where things stood in late 2019. At 
the onset of the pandemic, the labor market tightness fell by more than 20% before surging to 80% 
above 2019 levels in 2022. The decline in tightness in 2023 was notably faster than the increase. 
 
4. Labor Market Tightness in the United States in Greater Detail 
 
In this section we investigate labor market tightness in the United States in greater detail, across 
industries and local labor markets. We begin by comparing our index of labor market tightness—the 
ratio of active and attractive job listings to active job seekers—with various traditional measures of 
tightness constructed using data published by the Bureau of Labor Statistics (BLS) from the Job 
Openings and Labor Turnover Survey (JOLTS) and the Current Population Survey. 
 
Broadly, data from LinkedIn does a fair job of matching business cycle variation in tightness in recent 
years: declining in early 2020, peaking in 2022, and moderating toward pre-pandemic norms in 
following years (Figure 3). However, there are notable differences.  
 
This first notable difference relates to how much slack there may have been in the labor market in 
spring 2020. According to the traditional measure (V/U), there was a considerable amount of slack, 
reflective of the precipitous rise in the unemployment rate from 3.5% in February 2020 to a peak of 
14.8% in April. But, as documented by Wolcott, Ochse, Kudlyak, and Kouchekinia (2020) most of this 
initial rise in unemployment was from temporary layoffs—workers who had a job but were 
temporarily without work.8 This suggests that the V/U ratio overstated slack in the labor market at the 
onset of the pandemic. 
 

 
7 Of course, this will tend to put more weight on larger countries and those with more LinkedIn members. As a summary 
measure of labor market conditions on LinkedIn overall, this is desirable.   
8 See Hall and Kudlyak (2022) for a discussion of the difference between “jobless unemployment” and “temporary-layoff 
unemployment”. 
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Figure 3: LinkedIn & BLS-Based Measures of Labor Market Tightness in the United States 

 
Note: Each series is indexed to its average value in 2019. The quite rate, hire rate, vacancy to unemployment ratio, and 
the vacancy to hires ratio are based on series published by the Bureau of Labor Statistics (BLS). The ratio Active & 
Attractive Job Listings to Active Job Seekers is defined above. 
 
By contrast, the quit rate and ratio of vacancies to hires signaled a large but more modest fall in labor 
market tightness at the onset of the pandemic. The drop in late spring 2020 of the LinkedIn data is 
more in keeping with these measures of labor market tightness. Indeed, in early 2021 the V/U ratio 
was still pointing to slack in the labor market even as the quit rate, hires rate, V/H ratio, and were all 
signaling tighter and tightening conditions. 
 
The second notable difference—perhaps most notable—is that the ratio of active and attractive job 
listings to active job seekers on LinkedIn signaled a tighter labor market in 2022 than any of the 
alternative measures reported in Figure 3. Interestingly, the rapid rise in labor market tightness on 
LinkedIn in 2021 was likewise coupled with a swift normalization from its peak, returning pre-
pandemic levels of tightness by mid- to late- 2023. This timing of “normalization” implied by the 
LinkedIn labor market tightness index is consistent with the pattern of normalization for the quit rate 
and hire rate as opposed to the JOLTS-based ratios V/U and V/H.9 
 

 
9 The slow decline in V/H and V/U ratios from their post-pandemic peaks may reflect a secular rise in the number of 
vacancies posted by firms. Mongey and Horwich (2024) argue that correcting for the upward trend in job openings in 
the V/U measure implies a return to pre-pandemic levels of tightness in late-summer, early-fall 2023. 
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Overall, the series that is most tightly correlated with the LinkedIn labor market tightness index since 
2019 is the quit rate, followed next by the V/H ratio, and then the V/U ratio (Table 1). The hires rate is 
weakly correlated, largely due to the spike in this series in spring 2020. 
 
Table 1: Correlation coefficients between LinkedIn-based Labor Market Tightness and BLS-based 
Measures 

 
LinkedIn LMT Quit Rate Hire Rate V/U V/H 

LinkedIn 
LMT 1     

Quit Rate 0.89 1    

Hire Rate 0.4 0.43 1   

V/U 0.73 0.7 -0.03 1  

V/H 0.78 0.7 -0.11 0.87 1 

 
Conceptually, the LinkedIn index of labor market tightness is most similar to the ratio of vacancies 
to hires (V/H). To see the conceptual link, rewrite the matching function above in terms of what is 
published by the BLS (V/H) and the alternative notion of tightness based on LinkedIn data (LMT): 
 

𝐻! = 𝜇!	𝑉0!
567𝑆1!

7 	⇒
𝑉!
𝐻!

=
1
𝜇!
×
𝑉!
𝑉0!
× 𝐿𝑀𝑇!7  

 
Taking logs, we have the following implied relationship between what we observe in LinkedIn data 
with what is reported by the BLS: 
 

ln 𝑉!/𝐻!()*)+
892	:,!,

= 𝛼 × ln 𝐿𝑀𝑇!()*)+
9)-3';<-	:,!,

+ ln𝑉!/𝑉0! − ln 𝜇!())))*))))+
='.);>,?	+,4),!)0-

 

 
To focus on business cycle fluctuations since 2019, we take log differences in the vacancies-to-hires 
ratio and the LinkedIn-based labor market tightness index from average values in 2019H2, yielding 
the following (naïve) bivariate relationship: 
 

ln Z
𝑉
𝐻[!

− ln Z
𝑉
𝐻[@A5BC@

= 𝑐𝑜𝑛𝑠𝑡𝑎𝑛𝑡 + 𝛼 × (ln 𝐿𝑀𝑇! − ln 𝐿𝑀𝑇@A5BC@) + 𝑒𝑟𝑟𝑜𝑟!	, 

 
where the error term includes time variation in the residual match efficiency (ln 𝜇! − ln 𝜇@A5BC@) 
and temporal variation in the ratio of BLS-based vacancies to active and attractive job listings on 
LinkedIn. 
 
Regressing log deviations in V/H from pre-pandemic levels on log deviations of the LinkedIn-based 
labor market tightness yields an estimate of the elasticity of the matching function with respect to 
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an increase in effective job seekers:  𝛼\ = 0.57. This is well within the range of estimates in the 
literature (Petrongolo and Pissarides 2001)—highlighting not only a tight correlation but also a 
quantitatively reasonable link during the pandemic (Figure 4).10 
 
Figure 4: Vacancies to Hires & LinkedIn Labor Market Tightness in the US, July 2019 to March 2025 

 
Note: The figure above compares vacancies to hires as published by the BLS with labor market tightness measured as 
the ratio of active & attractive job listings to active job seekers on LinkedIn. 
 
4.1 Labor Market Tightness and Wage Growth 
 
An important policy question in the US coming out of the pandemic focused on the shift in the 
Beveridge Curve and the possibility (or impossibility) of vacancies falling without unemployment 
rising and the labor market deteriorating. With the labor market as tight as it was in 2022 and inflation 
well-above the Fed’s 2% target, the concern—notably articulated by Blanchard, Domash, and 
Summers (2022)—was that only a recessionary rise in unemployment (and corresponding fall in 
vacancies) would be sufficient to get inflation under control. Fortunately, the more optimistic outlook 
at the time appears to have panned out. 
 

 
10 Dropping the COVID-era outliers evident in Figure 4, where V/H dropped by more than a third, yields a coefficient of 
0.48. Across different specifications Abraham, Haltiwanger, and Rendell (2020) report estimates of 𝛼" between 0.49 and 
0.57. In Petrolongo and Pissarides (2001), the elasticity of hires with respect to unemployment in their review of the 
literature is between 0.5 and 0.7.  
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In any case, the causal link between a tighter labor market and higher inflation presupposes that 
tighter conditions lead to an increase in labor costs which are then passed on by firms to consumers 
in the form of higher prices. Consistent with this logic, we document that the ratio of active and 
attractive job listings to active job seekers was highly correlated with composition-adjusted, nominal 
compensation growth in the US from 2019 to the present. 
 
Given the short sample and effectively just one business cycle (downturn, recovery, normalization), it 
is challenging to adjudicate whether the LinkedIn labor market tightness index is better at tracking 
wage inflation as compared to other measures. Nevertheless, by accounting for recruiting effort by 
firms and job search effort by job seekers (many of whom are already employed), we expect the 
LinkedIn based measure to capture important underlying determinants of wage inflation, including 
the contribution of job-to-job mobility (Faccini and Melosi 2023; Moscarini and Postel-Vinay 2016; 
Bloesch, Lee and Weber 2025).  
 
Figure 5: Annualized Employment Cost Index Growth and LinkedIn Labor Market Tightness in the US, 
2019Q3:2025Q1 

 
Note: The figure above compares quarterly, annualized growth in the Employment Cost Index (ECI) with labor market 
tightness measured as the ratio of active & attractive job listings to active job seekers on LinkedIn. The estimated 
coefficient of 0.03 implies that each 10% increase in labor market tightness over the course of the pandemic was 
associated with a 0.3% increase in the annualized pace of ECI growth. 
 
Figure 5 provides a scatter plot of annualized growth in the Employment Cost Index (ECI) published 
by the BLS and log deviations in our baseline measure of labor market tightness from its 2019H2 level. 



 

 14 EG TN-7 Economic Graph

 
The coefficient of 0.03 implies that each 10% increase in the ratio of active and attractive job listings 
to active job seekers in LinkedIn data was associated with a 0.3% increase in the annualized pace of 
ECI wage growth in recent years. 
 
In March 2025, the LinkedIn labor market tightness index was 5% lower than its average 2019 value, 
which according to the simple bivariate regression above should correspond to an annualized pace 
of 3.1% ECI wage growth. Instead, the most recent ECI print for 2025Q1 was 3.6%q/q at an annual 
rate, which suggests that wage growth could be set for further cooling so long as labor market 
tightness remains at current levels. 
 
4.2 Labor Market Tightness Across Sectors in the United States 
 
We next briefly assess labor market tightness by sector in the US economy in recent years according 
to our baseline measure. When moving from aggregate to disaggregate measures, we need to take 
a stand on whether labor market tightness is constructed using the within or between definition. 
 
As discussed in the methodological section, when focusing on sectoral labor market tightness we use 
the between definition. What this means is that, for a given industry, we calculate the ratio of active 
and attractive job listings within that sector that receive applications from any job seeker from within 
the country. And, as before, active job seekers is measured by the count of members who submitted 
applications to such job listings in a given month. 
 
Before discussing results, it’s important to emphasize that this disaggregated notion of sectoral labor 
market tightness is not directly comparable to our overall, baseline notion of labor market tightness 
within the economy. 
 
To see why this is the case, consider the following thought experiment. There are 100 job listings 
evenly dispersed across four industries and 100 job seekers. Suppose that, initially, job seekers only 
apply to listings within a single sector, evenly distributed across this hypothetical labor market. 
Overall labor market tightness and sectoral labor market tightness in each industry are all initially 
equal to 1 (=100/100 = 25/25). 
 
Now suppose that each job seeker instead applies to job listings in two distinct sectors so that each 
sector has 25 listings but 50 active job seekers. In this case, overall labor market tightness is 
unchanged and is still equal to 1 but industry-level labor market tightness is equal to ½ (=25/50). 
 
While highly stylized, this example illustrates that the between notion of sectoral labor market 
tightness partly captures the intensity of job search effort among job seekers. Holding fixed the 
number of applicants, when job seekers search more across a wider range of sectors then sectoral 
labor market tightness will decline even as overall labor market tightness is unchanged.11 

 
11 This is similar to but distinct from the labor market tightness measure we discuss that normalizes by the number of 
applications. Hypothetically, if job seekers search more aggressively within sectors but not across sectors, the 
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Figure 6: Sectoral Labor Market Tightness in the United States 

 
Note: This figure calculates labor market tightness for various sectors based on job application data from LinkedIn. Labor 
market tightness is calculated as the ratio of active and attractive job listings in a given industry divided by the number 
of US-based applicants to such listings. This is a between notion of labor market tightness as it accounts for job seekers 
employed in one sector who apply to another sector. 
 
Figure 6 calculates sectoral labor market tightness across industries on LinkedIn in percent deviations 
from 2019H2 levels in terms of the minimum reached in 2020 at the onset of the pandemic, the peak 
attained over the entire sample, and the most recent value in March 2025. 
 
Again, the overall pandemic-era business cycle is evident across sectors, with tightness in every 
sector falling in 2020 before rising to more than 50% above late 2019 levels for almost every industry. 
 

 
application-based notion of tightness would decline even as both the between and the overall measures are 
unaffected. 
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What is particularly striking is that for many sectors our LinkedIn-based measure of labor market 
tightness is comparable to or even lower than what prevailed during the pandemic-downturn. This 
stands in contrast with overall labor market tightness in the US, which as of March 2025 was just 5% 
below 2019H2 levels but had reached a nadir of 23% lower in 2020. 
 
The thought experiment illustrates what is going on. Even though the ratio of active and attractive 
job listings to active job seekers is at present close to pre-pandemic norms, applicants are now 
searching more aggressively and more broadly across sectors. This increase in job search intensity 
and job search breadth implies that labor market conditions are less favorable for job seekers than 
would otherwise be implied by our baseline measure of labor market tightness. 
 
4.3 Labor Market Tightness Across Local Labor Markets in the United States 
 
In this final subsection, we look at local-area labor market tightness for metro areas across the United 
States. Contrasting with our approach in measuring tightness across industries, we use the within 
notion of labor market tightness when calculating local area labor market tightness. 
 
Concretely, this means that local area labor market tightness is measured as the ratio of active and 
attractive job listings in a given region divided by the number of applicants from the same region 
who apply to such listings.12 By focusing on an entirely within-region notion of labor market tightness 
our measure is more readily comparable to other local area indicators of labor market conditions 
(e.g. unemployment insurance claims, local area unemployment rate). 
 
Figure 7 presents labor market tightness for select metro areas in the US from July 2019 to March 
2025, indexed to be equal to 100 in 2019H2. While labor market conditions evolved similarly in each 
of these metro areas in recent years, there are notable differences among them. At the onset of the 
pandemic, conditions in these metro areas deteriorated and labor markets became slacker. 
Compared to other metro areas in this figure, the DC-Baltimore metro area experienced the smallest 
decline.  
 
By contrast, as the overall labor market became tighter in 2021 into 2022, the greater Chicago area 
experienced the largest overall increase in tightness as compared to pre-pandemic levels—at least 
according to job application data on LinkedIn. 
 
The most salient divergence, however, across these metro areas is with respect to the San Francisco 
Bay Area. Not only was the peak increase from pre-pandemic levels smaller in the Bay Area than 
among these peer metro areas, the decline that began in 2022 was much more severe. 
 
At least according to our baseline measure of local area labor market tightness, current conditions in 
the Bay Area are more competitive for active job seekers than they were in mid-2020 in the midst of 
the pandemic and certainly worse than what prevailed in late 2019. As a point of reference, the 

 
12 For example, a job listing that only receives applicants from a different region would not contribute to the numerator of 
this between notion of tightness. 
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unemployment rate in the Bay Area in the second half of 2019 was 2.3% and averaged 3.9% in the 
first quarter of 2025. 
 
Figure 7: Local Area Labor Market Tightness in Select Metro Areas in the United States, July 2019 to 
March 2025 

 
Note: Local area labor market tightness in each city is defined as the ratio of active and attractive job listings in a given 
city to the number of job seekers in the same city applying to such listings, indexed to be equal to 100 in 2019H2. 
 
Of course, the experience of larger metro areas may not be representative of metro areas elsewhere 
in the country. In Figure 8 we plot the distribution of labor market tightness across more than 250 
metro areas in the US in March of each year from 2020 to 2025.  
 
Once again, the general pandemic-era business cycle is evident as local area labor markets 
tightened in many metro areas across the US in 2021 into 2022 before beginning to moderate toward 
pre-pandemic levels over the past three years. Across US metro areas the dispersion of tightness was 
greatest in 2022 when labor markets generally were close to if not already at their peak levels of 
tightness according to LinkedIn data. As conditions normalized in 2023 and 2024, so too did this 
dispersion in local area labor market tightness. 
 
By 2025, the majority of metro areas in the US had tighter labor market conditions than prevailed in 
the latter half of 2019. This stands in contrast to the metro areas presented in Figure 6, which rank 
among the largest metro areas in the US and where labor markets are looser than they were pre-
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pandemic. The regional divergence in tightness that persists today may be an interesting area to 
explore in future research. 
 
Figure 8: Distribution in Local Area Labor Market Tightness Among US Metro Areas in Recent Years 

 
Note: This figure plots the distribution of local area labor market tightness across more than 250 US metro areas for the 
month of March for each year from 2020 to 2025. Local area labor market tightness in each city is defined as the ratio of 
active and attractive job listings in a given city to the number of job seekers in the same city applying to such listings, 
indexed to be equal to 100 in 2019H2. 
 
5. Conclusion 
 
This note formalizes a novel approach to measuring labor market tightness on LinkedIn using job 
application data. The central insight is to restrict attention to job listings that actively receive 
applications divided by the number of job seekers who apply to such listings. Our approach can be 
articulated in a generalized framework for measuring labor market tightness proposed in the 
literature. 
 
Given LinkedIn’s presence in labor markets around the world, this yields a database of labor market 
tightness for a broad set of countries at a monthly frequency from July 2019 to the present, with 
sectoral and local labor market coverage as well. 
 
In the United States, our measure of labor market tightness correlated with various external measures 
of labor market conditions constructed from official data published by the Bureau of Labor Statistics. 
Moreover, the correlation between our baseline LinkedIn index of labor market tightness and the BLS-
based ratio of vacancies to hires was quantitatively meaningful, with an estimated elasticity in line 
with matching-function estimates in the academic literature. 
 
We see a number of avenues for future research built on this work presented in this note. First, given 
the uncertain global economic outlook for the coming year, we see value in constructing a high-
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frequency measure of labor market tightness that can provide policy makers and business leaders 
with near real-time insight into developments in the labor market. 
 
Second, there is value in validating our measure of labor market tightness more thoroughly, both in 
the US and for other labor markets around the world. Whether this LinkedIn-based measure of labor 
market tightness aligns with prevailing labor market conditions may depend on platform penetration, 
industry-mix, and level of labor market formality. Understanding when and where our measure is most 
suitable for assessing broader labor market conditions will be valuable. 
 
Third, our data is well suited to better understanding underlying heterogeneity with respect to labor 
market tightness. Which job seekers are generally contending with more or less labor market 
tightness? How much of this is partly endogenous to the decisions such seekers make about what 
types of roles and industries they apply to? 
 
Fourth, on LinkedIn we can assess the consequences of labor market tightness for employment 
outcomes for job seekers and the recruiting strategies employed by firms in sourcing talent. Further 
explorations on this front would help to advance our understanding of modern labor markets. 
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